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Abstract

Orientation: Gaining a full understanding of employee retention (ER) management requires studying multiple retention factors in tandem. Many empirical studies that use conventional structural equation modelling (SEM) include only a single retention factor or a subset of factors, making it impossible to assess the relative embeddedness of these factors in ER practices.

Research purpose: The purpose was to gain a better understanding of the relationships between multiple ER factors and attitudinal antecedents of voluntary turnover.

Motivation for the study: This research aimed to address the need for more comprehensive latent multivariate approaches to studying ER by using extended SEM techniques.

Research approach/design and method: The researchers used a cross-sectional survey design and obtained a convenience sample of 272 skilled employees from public and private organisations. The first stage of the study entailed using the exploratory structural equation model (ESEM) within the confirmatory factor analysis to test a model measuring ER factors. The second stage involved using plausible values for latent variables in an SEM analysis of the relationship between attitudinal antecedents of voluntary turnover (i.e. affective commitment, job satisfaction and turnover intention) and ER factors.

Main findings: The findings indicated that affective commitment and job satisfaction differentially mediated the relationship between ER factors and turnover intention, partially supporting existing research and providing new insights into ER.

Practical/managerial implications: This study suggested that in order for management to effectively manage ER, they must understand the relative embeddedness of a range of ER factors and prioritise motivational and empowerment-enhancing bundles of practice (e.g. compensation, job characteristics, work–life balance and career opportunities) to impact on attitudinal antecedents of voluntary turnover.

Contribution/value-add: This study indicated that the use of extended SEM modelling techniques could provide valuable insights into the multivariate relationships between ER factors and attitudinal antecedents of voluntary turnover.
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Introduction

Maintaining a productive workforce and retaining existing employees are central issues in the competitive, dynamic and volatile world of business (Gani, Potgieter, & Coetzee, 2020). Employee retention (ER) factors (e.g. compensation, training and development, promotion opportunities, work–life balance, managerial support and job design) play a key role in retaining employees and preventing them from searching for greener pastures (Al-Emadi, Schwabenland, & Wei, 2015; Das & Baruah, 2013; Lee, Hom, Eberly, & Li, 2018). According to Ghosh, Satyawadi, Prasad Joshi and Shadman (2013), the retention strategies of organisations should incorporate multiple ER factors.

De Vos and Meganck (2009), Guchait and Cho (2010) and Subramony (2009) point out that studying multiple ER factors in tandem is necessary to gain a full understanding of retention management. Most empirical studies address only one retention factor or a subset of factors, making it impossible to assess the embeddedness of these factors in ER practices (Al-Emadi et al., 2015; De Vos & Meganck, 2009). Following a multifaceted approach (i.e. considering multiple ER factors) to ER management as opposed to one that focuses on single ER factors produces significantly superior outcomes (Dechawatanapaisal, 2018). This highlights the need for more comprehensive multivariate approaches to studying ER (Hom, Lee, Shaw, & Hausknecht, 2017; Lee et al., 2018). Existing research has identified many ER factors (Rubenstein, Eberly, Lee, & Mitchell, 2015, 2017), but our study focused on the most common and critical ER factors associated with human resource management (HRM) practices, namely, compensation, job characteristics, training and development opportunities, supervisor support, career opportunities (CO) and work–life balance (Döckel, 2003; Döckel, Basson, & Coetzee, 2006; Gani et al., 2020; Potgieter & Snyman, 2018).

Although numerous studies connect ER practices and job satisfaction, affective commitment and turnover intention (Lee et al., 2018; Rubenstein et al., 2015, 2017), multivariate studies on the simultaneous relationships between multiple ER practices and these attitudinal antecedents of voluntary turnover intention are scarce (Al-Emadi et al., 2015; Dechawatanapaisal, 2018; Guchait & Cho, 2010; Juhdi, Pa’wan, & Hansaram, 2013; Subramony, 2009). Existing literature suggests that employee turnover intention, job satisfaction and affective commitment are important proximal antecedents to voluntary turnover and also significant descendants of more distal ER factors (Duarte, Gomes, & Neves, 2015; Lee et al., 2018; Rubenstein et al., 2015, 2017). Therefore, an extended SEM analysis that includes all these constructs should contribute significantly to an understanding of the multivariate nature of ER practices in organisations.

This study specifically addressed the need for analysing multiple ER variables and attitudinal antecedents of voluntary turnover (turnover intention, job satisfaction, affective commitment) in tandem. To do this, we used an expanded measurement model and latent multivariate analysis techniques. Using extended techniques within the structural equation modelling (SEM) framework, we analysed complex relationships between multiple constructs of sufficient breadth and depth to ensure valid and accurate findings. Structural equation modelling is considered the preferred method for conducting multivariate analyses with latent variables that control for measurement error (Devlieger & Rosseel, 2017). SEM estimates all parameters in a measurement model and a structural model simultaneously, thereby eliminating bias in path coefficients (Devlieger & Rosseel, 2017). However, conventional confirmatory factor analysis (CFA) identifies all cross-factor item loadings as model misspecifications and can be considered too restrictive when testing lengthy measurement models and imperfect indicators typically found in the social sciences (Marsh, Morin, Parker, & Kaur, 2014). This may explain why previous studies incorporated limited ER factors in SEM models. Shortening measures, using item parcels and aggregating factor scores are popular strategies commonly employed to overcome model misspecification challenges and obtain good fitting SEM models. However, these strategies erode the depth and breadth of the measured constructs, discount measurement error and camouflage misspecification in CFAs and SEMs (Hsu, Skidmore, Li, & Thompson, 2014; Marsh et al., 2009). To overcome these challenges, exploratory structural equation modelling (ESEM) and plausible values (PVs) can be used.

Compared to CFA, ESEM is more flexible as it accommodates multiple and minor cross-factor item loadings and provides a more realistic representation of lengthy measurement models that typically contain imperfect indicators (Marsh et al., 2014). Moreover, PVs (i.e. latent scores) that accurately represent the latent variables of a measurement model can effectively be used in an SEM structural model without having to include the full measurement model (e.g. the ESEM or CFA model). Plausible values account for measurement error, have less computational demands and counter model misspecification issues and sample-size demands (Asparouhov & Muthén, 2010). In the present study, ESEM and PVs are regarded as extended CFA techniques. More details on these techniques are presented in the ‘Analytical approach and statistical analyses’ section. Mai, Zhang and Wen (2018) confirm that using ESEM models instead of the conventional CFA models in SEM analyses results in less biased path coefficients where minor, but non-ignorable, cross-factor item loadings exist.

Research purpose

The purpose of this study was to gain a comprehensive understanding of the simultaneous effect of multiple ER factors on attitudinal antecedents of voluntary turnover (affective commitment, job satisfaction and turnover intention) through the testing of a multivariate SEM model and the use of extended SEM techniques.

Similar to recent studies published in high-impact management and psychology journals (Howard, Gagné, Morin, & Forest, 2018; Sánchez-Oliva et al., 2017), our study followed a ‘methodological–substantive synergy’ approach (Marsh & Hau, 2007, p. 152), which entails applying methodological developments and innovative statistical tools with enhanced precision to complex substantive issues, resulting in advancing theory.

In the ‘Literature review’ section, we discuss the theory that informed this study’s hypotheses relating to the relationship between ER factors and the attitudinal antecedents of voluntary turnover. For purposes of conciseness, we relied strongly on a synthesis of findings drawn from the existing seminal works, review studies and meta-analyses to support our study’s hypotheses.

Literature review

Employee retention

Retaining employees is a significant factor in organisations’ talent management strategies to reduce turnover costs (Narayanan, Rajithakumar, & Menon, 2019). For HRM policies and practices to be effective, they should take account of the ER factors. This study supports Gani et al.’s (2020, p. 144) definition of retention factors: ‘Retention practices are those organisational context factors that influence an employee’s choice to continue to work for an organisation or to leave the organisation’.

Although a variety of theories relating to social identity, work motivation, employee equity and expectancy contribute to explaining ER (Hom et al., 2017), the social exchange theory has been widely used more than others to gain an understanding of social behaviour and interactions (Al-Emadi et al., 2015). An important finding has been that employers’ actions in respect of valued retention factors reinforce employees’ intention to stay or leave (Al-Emadi et al., 2015).

Next, we present a brief discussion of each of the attitudinal antecedents of voluntary turnover (turnover intention, job satisfaction, affective commitment) and the ER factors included in this study, and we refer to our hypotheses statements.

Turnover intention

Turnover intention is defined as ‘a conscious and deliberate wilfulness to leave the organization’ (Matz, Woo, & Kim, 2014, p. 234). Compared to other turnover antecedents (e.g. job satisfaction, affective commitment), turnover intention is the most significant predictor of actual turnover (typically sharing 25% of the turnover variance; Rubenstein et al., 2017). Researchers suggest that job satisfaction and organisational commitment are linked and are both essential attitudinal determinants of turnover intention (Al-Emadi et al., 2015; Joseph, Ng, Koh, & Ang, 2007; Kim & Kao, 2014; Larkin, Brantley-Dias, & Lokey-Vega, 2016; Luna-Arocas & Camps, 2007; Nouri & Parker, 2020; Price & Mueller, 1981; Tett & Meyer, 1993).

Job satisfaction

Job satisfaction manifests in employees’ feelings about their jobs, which are the result of subjective evaluations of job characteristics (Agho, Price, & Mueller, 1992). Job satisfaction may indicate positive feelings about specific aspects of a job or about a job in general. This study defines job satisfaction as a positive feeling about a job in general—a feeling that (Weiss, Dawis, England, & Lofquist, as cited in Larkin et al., 2016):


[D]epends on how closely a person’s abilities match the requirements of the job and the extent to which a person’s needs are fulfilled by reinforcing aspects of the work environment. (p. 28)



The negative relationship between job satisfaction and turnover intention has been well-documented (Guzeller & Celiker, 2019).

Organisational commitment

According to Allen and Meyer (1990), organisational commitment refers to an employee’s wish to stay with an organisation because of its characteristics, goals and values. These authors identify three facets of organisational commitment: affective commitment or emotional attachment, continued commitment that takes the cost of leaving the job into consideration and normative commitment that considers contractual obligations to the organisation. The focus of the present study is on affective commitment. Research evidence suggests that the relationship between turnover intention and affective commitment overshadows the relationship between turnover intention and the other forms of commitment (Allen & Meyer, 1990). As such, the former relationship determines employees’ attitudes to turnover intention and retention (Meyer & Herscovitch, 2001; Nouri & Parker, 2020; Solinger, Van Olffen, & Roe, 2008).

The literature provides evidence relating to the directional relationships between ER factors and attitudinal determinants of voluntary turnover, and we deal with this aspect next.

Direct relationships between employee retention factors and attitudinal antecedents of voluntary turnover

In our discussion of the research on the direct relationship between ER factors and the attitudinal antecedents of voluntary turnover (i.e. turnover intention, job satisfaction and affective commitment), we refer to the measurement model of Döckel (2003) which includes the constructs of compensation, job characteristics, training and development opportunities, supervisor support, CO and work–life balance. Döckel’s (2003) measurement model is based on well-known and often-cited ER factor measures developed, validated and cross-validated by other researchers in the field. In our discussion of meta-analyses studies, we also included the mean effect sizes ([image: SAJHRM-18-1358-I1.jpg]) (Cohen, 1987) reported, because of their high generalisability.

Compensation

Compensation (C) includes monetary and non-monetary rewards offered to employees in return for services rendered (Ibidunni, Osibanjo, Adeniji, Salau, & Falola, 2016). In Döckel’s (2003) measurement model, compensation incorporates content from Heneman and Schwab’s (1985) measure that focuses on the importance of employees’ satisfaction with compensation, benefits, raises, and the structure and administration of remuneration systems. Moncarz, Zhao and Kay (2009) and Singh (2019) argue that compensation can be a critical factor in reducing turnover and increasing commitment and also in motivating employees to leave organisations. Meta-analysis studies in a variety of work environments show compensation has a large effect ([image: SAJHRM-18-1358-I1.jpg] = 0.45) on affective commitment, a small to medium effect ([image: SAJHRM-18-1358-I1.jpg] = –0.23; [image: SAJHRM-18-1358-I1.jpg] = –0.37) on job satisfaction and a medium to large direct effect ([image: SAJHRM-18-1358-I1.jpg] = –0.42; [image: SAJHRM-18-1358-I1.jpg] = –0.60) on turnover intention (Joseph et al., 2007; Kim & Kao, 2014; Meyer, Stanley, Herscovitch, & Topolnytsky, 2002; Saber, 2014). However, the effect sizes reported varied considerably from study to study, suggesting the context of a study may be a determining factor.

Job characteristics

McKnight, Phillips and Hardgrave (2009) define the construct of job characteristics (J) as employees’ perceptions regarding the nature and content of a task. The measurement model of Döckel (2003) includes the job characteristics of skill variety and autonomy, which were derived from Hackman and Oldham’s (1976) job diagnostic survey. If work is autonomous and challenging, offers variety and requires superior skills, employees also develop feelings of job satisfaction, commitment and intention to stay (Bontis, Richards, & Serenko, 2011; Döckel, 2003). Meta-analysis studies show that job characteristics have a medium to large effect ([image: SAJHRM-18-1358-I1.jpg] = 0.38; [image: SAJHRM-18-1358-I1.jpg] = 0.50) on job satisfaction (Saber, 2014) and a small to large effect ([image: SAJHRM-18-1358-I1.jpg] = −0.22; [image: SAJHRM-18-1358-I1.jpg] = −0.50) on turnover intention (Matz et al., 2014). Thus, evidence suggests that job characteristics should have a medium to large effect on the antecedents of voluntary turnover.

Training and development opportunities

Through the formal training and development activities (T) an organisation provides, employees obtain the information they need to fulfil their job duties (Bernhard & O’Driscoll, 2011). Döckel (2003) bases the general professional development opportunities and the resourcing and availability of relevant job- and product-specific training opportunities in his measurement model on the training items developed by Rogg, Schmidt, Shull and Schmitt (2001).

Employees whose organisations give them opportunities for learning and growing will continue to work for their organisations and will be less inclined to leave (Ghosh et al., 2013). Ready availability of training and career development opportunities also result in increased job satisfaction (Deery, 2008; Ibidunni et al., 2016). According to Aladwan, Bhanugopan and D’Netto (2015) and Gani et al. (2020), training and development have a positive effect on organisational commitment. However, Chew and Chan (2008) have found that although training and development opportunities correlate positively with the intention to stay, they do not show a significant correlation with affective commitment. Findings about the relationship between training and development and organisational commitment appear to be inconsistent (Smeenk, Eisinga, Teelken, & Doorewaard, 2006).

Supervisor support

Supervisor support (S) consists of the recognition and feedback employees receive from supervisors (Döckel et al., 2006). Döckel’s (2003) model includes several items that Ramus and Steger (2000) developed to measure supervisor recognition as well as items that Good and Fairhurst (1999) developed to measure supervisor feedback. Supervisors’ feedback and recognition increase employees’ self-worth and affective commitment and may even prevent them from leaving the organisation or being absent from work (Van Dyk & Coetzee, 2012). Relationships with supervisors and other colleagues can influence employees’ satisfaction and their decision to leave or not leave the organisation (Ibidunni et al., 2016). Meta-analysis studies have found supervisor support to have a medium effect ([image: SAJHRM-18-1358-I1.jpg] = −0.32) on turnover intention (Kim & Kao, 2014; Matz et al., 2014). Overall, the literature suggests significant relationships between supervisor support and the antecedents of voluntary turnover (Rathi & Lee, 2017).

Career opportunities

Based on items that Landau and Hammer (1986) developed, Döckel (2003) describes CO as including internal promotions or lateral moves to different positions in an organisation. In their study, Kochanski and Ledford (2001) found that the reward of being offered career development opportunities was the most prevalent retention factor. Research by Gani et al. (2020), Joāo and Coetzee (2012) and Kraimer, Seibert, Wayne and Liden (2011) shows that perceived career development opportunities and career growth have a significant positive impact on employees’ affective commitment and job performance and reduce their intention to leave the organisation. Promotions, career development opportunities and appreciation in the workplace have a great impact on employees’ job satisfaction (Ibidunni et al., 2016; Sheraz, Batool, & Adnan, 2019).

Work–life balance

Kraimer et al. (2011) define work–life balance (W) as employees’ ability to meet work and family commitments as well as other non-work responsibilities and activities. Döckel’s (2003) model includes work–life balance items from Paré, Tremblay and Lalonde’s (2001) measure and focuses on the extent to which the demands of a job and a work–life conflict with the demands of a family and a personal life. Richman, Civian, Shannon, Jeffrey Hill and Brennan (2008) associate perceived flexible working arrangements and the ability to balance the demands of a personal and a work life with increased levels of employee engagement, higher levels of productivity and job satisfaction, and a decrease in turnover intention. In a longitudinal study, Nohe and Sonntag (2014) found that work–family conflict had a medium effect (r = 0.36) on turnover intention. Similar findings were made by Chan and Ao (2019) in their cross-sectional study. Meta-analysis studies indicate that work–family conflict has a medium effect ([image: SAJHRM-18-1358-I1.jpg] = −0.25; [image: SAJHRM-18-1358-I1.jpg] = −0.26) on job satisfaction (Butts, Casper, & Yang, 2013; Shockley & Singla, 2011) and a small effect ([image: SAJHRM-18-1358-I1.jpg] = −0.17) on affective commitment (Butts et al., 2013).

Having reviewed existing research on the direct relationship between ER factors and the antecedents of voluntary turnover, we formulated Hypothesis 1:


Hypothesis 1: ER factors show a statistically significant (p < 0.05) direct positive effect on affective commitment and job satisfaction and a statistically significant (p < 0.05) direct negative effect on turnover intention.



Relevant to our study was the relationships amongst attitudinal antecedents of voluntary turnover, and we reviewed applicable research in this regard.

The relationships amongst attitudinal antecedents of voluntary turnover

Researchers identify job satisfaction as an antecedent to organisational commitment, and organisational commitment as a mediator of the relationship between job satisfaction and turnover intention (Farrell & Rusbult, 1981). However, research findings differ as to the direction and nature of the relationship between job satisfaction and organisational commitment (Farkas & Tetrick, 1989). These findings include models indicating organisational commitment to causally affect job satisfaction, and models indicating a reciprocal relationship between job satisfaction and organisational commitment (Farkas & Tetrick, 1989). More recent studies on ER tend to adopt models with paths running from job satisfaction to organisational commitment (Al-Emadi et al., 2015; Ćulibrk, Delić, Mitrović, & Ćulibrk, 2018; Valaei & Rezaei, 2016). Both organisational commitment and job satisfaction have been shown to contribute uniquely to turnover intention (Tett & Meyer, 1993), suggesting that organisational commitment may not fully mediate the path between job satisfaction and turnover intention.

The aforegoing theoretical discussion supports our study’s second hypothesis:


Hypothesis 2: Job satisfaction has a significant indirect and significant direct negative effect (p < 0.05) (i.e. partial mediation) on turnover intention via the mediator of affective commitment.



As the direct and indirect relationships between ER factors and attitudinal antecedents of voluntary turnover were relevant to our study, we reviewed the applicable literature in this regard.

Direct and indirect relationships between employee retention factors and attitudinal antecedents of voluntary turnover

Research suggests that ER factors may be distal determinants of turnover intention and that their effects are mediated by job satisfaction and affective commitment as proximal attitudinal determinants of turnover intention (Duarte et al., 2015; Hom, Mitchell, Lee, & Griffith, 2012; Joseph et al., 2007; Tett & Meyer, 1993). Exchange theory – an expansion of the interdependency theory (Homans, 1961; Kelley & Thibaut, 1978) – supports the direction of the paths of a model according to which job satisfaction depends on the specific and immediate rewards and costs related to the job (e.g. job characteristics). Furthermore, affective commitment to the organisation – a broader concept with a longer-term perspective – depends on job satisfaction and other rewards and costs related to the organisation in general (e.g. compensation and benefits; Farrell & Rusbult, 1981). We hypothesised an unfolding model where ER factors indirectly affected the turnover intention via job satisfaction and affective commitment, and we assumed that affective commitment partially mediated the path between job satisfaction and turnover intention.

The above theoretical discussion supports the study’s third hypothesis:


Hypothesis 3: ER factors show a statistically significant (p < 0.05) indirect negative effect and a statistically insignificant direct effect (i.e. full mediation) on turnover intention via the mediators of job satisfaction and affective commitment.



Our study’s purpose was to gain a more comprehensive understanding of the effect of multiple ER factors on the attitudinal antecedents of voluntary turnover (affective commitment, job satisfaction and turnover intention) through the testing of a multivariate SEM model and the use of extended SEM techniques.

Research design

Research approach

We used a quantitative approach and a cross-sectional survey design to study the relationships between ER factors and the attitudinal antecedents of voluntary turnover.

Research participants

A convenience sample of 272 skilled, highly skilled or professional employees from various public and private organisations in South Africa was obtained. The response rate was 47%. The majority of the sample consisted of white people (65%), English speaking (78%) and women (64%). These participants had obtained a tertiary qualification (76%) and had been employed in their respective companies for a period of less than 5 years (64%).

Measuring instruments

We used a number of instruments, each based on a Likert-type scale. To measure the distal determinants of attitudinal antecedents of voluntary turnover, we used the Retention Factor Scale (RFS; Döckel, 003) consisting of the subscales of compensation satisfaction (C), job characteristics (J), training and development (T), supervisor support (S), career opportunities (CO) and work–life balance (W). As measures of attitudinal antecedents of voluntary turnover, we used the Job Satisfaction Scale (JSS; Hellgren, Sjöberg, & Sverke, 1997), the Affective Commitment Scale (ACS; Meyer & Allen, 1991) and the Turnover Intention Scale (TIS; Sjöberg & Sverke, 1996). A biographical questionnaire was administered to the respondents. The measures we used (for a detailed summary, see Table 1) are well known and have been extensively used and frequently cited (Döckel et al., 2006).



[image: SAJHRM-18-1358-T1.jpg]

Analytical approach and statistical analysis

This study used two extended CFA techniques to overcome the limitations of the overly restrictive conventional CFA model, which penalises for trivial non-target cross loadings. Firstly, ESEM, nested in CFA (EwC), was used to test the RFS being a complex and multidimensional model. Secondly, PVs were used as factor scores to accurately represent the latent variables of the RFS model, which obviated the need to include the full measurement model in the SEM analysis. We used the MPlus Statistical Software Version 7.3 and the maximum likelihood (ML) estimation method with robust standard errors (MLR) to conduct the SEM analyses (Muthén & Muthén, 2012). We relied on the full-information MLR estimator to adequately account for missing data (Muthén & Muthén, 2012). Overall, 2.1% of the data out of the total dataset was missing at random.

We conducted ESEM and target rotation as precursors to the EwC analyses. Exploratory structural equation modelling, which integrates conventional CFA and exploratory factor analysis (EFA), does not penalise for trivial non-target cross loadings. Our decision to set to zero all item loadings not expected to relate to a latent variable was based on theoretical and empirical grounds. We used the EFA solution of Döckel (2003, p. 160) to set the target loadings. The results of Döckel’s EFAs of the RFS show small-item cross loadings with orthogonal rotation and significant inter-correlations between variables.

Asparouhov and Muthén (2009) suggest that, in the case of a study (such as ours) that uses a relatively small sample, conducting an EwC nested in an ESEM and fixing all statistically insignificant cross loadings to zero, reduces the number of parameters that need to be estimated and results in more precise estimates. We used the EwC model as the measurement model in the SEM analysis to determine the relationships between RFS and the criterion variables (Crt) of ACS, JSS and TIS. For the EwC, we applied the procedure of Morin, Marsh and Nagengast (2013) in using all parameter estimates in the ESEM solution as starting values and, except for placing m2 restrictions (m = number of factors), freely estimating them in the EwC model. After confirming that all parameter estimates and fit indices’ values of the EwC model replicated those of the ESEM model, we restricted all insignificant cross-loading estimates for factor indicators to ‘0’ as proposed by Asparouhov and Muthén (2009) and tested the restricted EwC model depicted in Figure 1.



[image: SAJHRM-18-1358-F1.jpg]

In determining the quality of the RFS measurement model, given sample size (N = 272; Muthén & Muthén, 2002), we performed a Monte Carlo (MC) simulation analysis using MPlus. We used 10 000 random sample estimates to determine the 95% coverage and statistical power of the model estimates (> 0.80), parameter estimate and standard error bias (< 5%).

Using CFA, we tested the discriminate and structural validity of the measures of attitudinal antecedents of voluntary turnover (ACS, JSS and TIS), also referred to as the Crt measurement model.

To test Hypotheses 1, 2 and 3, we used PVs for W, CO, S, T, J and C instead of including the full RFS measurement model in the SEM structural model (Figure 2) because such use in a secondary SEM analysis imposes fewer computational and sample-size demands. Figure 2 depicts the SEM path model for the PVs of the RFS (EwC model) on the attitudinal antecedents of voluntary turnover (Crt model), hereafter referred to as EwC-on-Crt1&2. Only the black regression paths in Figure 2 (and not the red regression paths running between the latent variables JSS, ACS and TIS) reflect Crt1 model, whereas the black and red regression paths reflect the Crt2 model. We used the MLR estimator to test the EwC-on-Crt1&2 models, which includes both the Crt1 and the Crt2 models. Using the delta method, we estimated the standard errors and calculated the statistical significance of indirect paths or effects. According to Muthén and Muthén (2012), the MLR estimation procedure calculates the standard error estimates that are robust to non-normal data and is considered similar to the bootstrap technique for estimating standard errors.



[image: SAJHRM-18-1358-F2.jpg]

In estimating the PV data sets, we used multiple imputation procedures (which are commonly used for handling missing data) and the Bayes estimator (Asparouhov & Muthén, 2010). To avoid biased parameter estimates, we included in the multiple imputation model all the items and latent variables used in the EwC and Crt models. (see Asparouhov and Muthén [2010, p. 2] for details on the imputation method they call ‘H0 imputation’.) More specifically, the imputation model included the RFS parameters fixed to the values obtained in the EwC model, and, using starter values from the CFA model, we specified the Crt model parameters to be freely estimated. Following the recommendations of Lüdtke, Robitzsch and Trautwein (2018), we imputed 30 PV data sets using MPlus Markov chain MC Bayesian estimation utilities with Gibbs sampler (PX1) and 100 000 iterations (Muthén & Muthén, 2012). We monitored convergence (which should be below 1.05) with the potential scale reduction indicator and trace plots. For all estimates, we adopted the MPlus default settings for diffuse priors, and we combined the data sets using Rubin’s (1987) method.

In the SEM models (EwC-on-Crt1&2) that we used to test Hypotheses 1, 2 and 3, we cannot strictly claim direct or indirect causal effects (i.e. the directionality of model paths) as we used cross-sectional data in the analysis conducted. However, Kline (2015) contends that directionality assumptions for model paths may be assumed if the rationale and supporting knowledge are strong. In this study, we relied strongly on exchange theory principles, seminal works, review studies, empirical and meta-analytic research evidence to support directionality assumptions and inferences in the SEM model. We relied on covariance statistics to support or rule out the probability of direct or indirect causal effects whilst controlling for multiple covariates.

Ethical consideration

With the assistance of the human resource management departments of their respective companies, the respondents completed the surveys in either a paper-based or an electronic format. Participation in the study was voluntary, anonymous and confidential. The relevant ethics committee of the University of Pretoria where the study was conducted approved the use of the data for research purposes (reference no. Nr EMS090/18).

Results

The study’s descriptive statistics showed that the average item or indicator skewness was −0.39 and varied between −1.01 and 0.57. The average kurtosis was −0.61 and varied between −1.24 and 0.89. The data signified a good approximation of the normal distribution (skewness and kurtosis b etween −1 and +1), which can produce robust ML parameter estimates with less dependency on the effect of sample size (Anderson & Gerbing, 1988). All SEM models in the study converged adequately and did not produce improper estimates (e.g. negative residual variances).

Next, we present the results of the study’s statistical analyses relating to the RFS measurement model, the attitudinal antecedents of the voluntary turnover measurement model and Hypotheses 1, 2 and 3.

Model fit was estimated based on several fit indices. Tucker–Lewis index (TLI) and comparative fit index (CFI) values greater than 0.90 and 0.95 typically reflect acceptable and excellent fit to the data (Marsh, Hau, & Wen, 2004). Root mean square error of approximation (RMSEA) and standardised root mean square residual (SRMR) values of less than 0.05 and 0.08, respectively, reflect a close fit and a reasonable fit to the data (Marsh et al., 2004). The Chi-square statistics is sample-size sensitive and presents a risk of a type II error; therefore, we did not use it to evaluate the overall model fit. As expected, all parameter estimates and fit indices of the unrestricted EwC model closely replicated the ESEM model and showed an overall acceptable fit (Table 2). The EwC analyses of the restricted model (all statistically insignificant cross-loadings fixed at zero) showed an acceptable to good model fit (RMSEA = 0.047, CFI = 0.934, TLI = 0.924, SRMR = 0.051; Table 2). The residuals of items Q11 and Q8 were allowed to correlate because they were very similar in wording and highly correlated (r = 0.83), signifying a method artefact.
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The structural loadings of the RFS for the EwC model are presented in Table 3.
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See Table 4 for the inter-correlation coefficients between constructs.
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The EwC model represented a simple factor structure and was well defined with salient loadings (λ > 0.30) on target factors and overall minor cross loadings (λ < 0.30; Table 3) (Thurstone, 1947) except for one item from T that loaded on both T (λ = 0.44) and CO (λ = 0.44). The item (i.e. ‘There are enough development opportunities for me in the company’) may conceptually equally relate to both T and CO. The overall model fit and the factor structure support the RFS measurement model.

The MC analyses for normally distributed data showed that all the parameter estimates of the RFS measurement model had a sufficient 95% coverage rate (i.e. interval = 0.92% – 0.96%), adequate statistical power (i.e. range = 0.36–1.0; mean = 0.96), non-biased parameter estimates (i.e. range = 0% – 5.2%; mean = 0.56%) and non-biased standard error estimates (i.e. range = 0% – 2.61%; mean = 0.94%). Only trivial cross loadings smaller than 0.16 showed inadequate power (i.e. 0.36). According to Gorsuch (1983), cross loadings up to ± 0.10 are generally considered random variations from 0. Overall, we concluded that the measurement model of the RFS showed adequate fit for the sample, was stable and accurate and should form a good basis for latent variable SEM analyses.

Table 3 depicts that the structural parameter loadings of the three-Crt variables (JSS, ACS and TIS) of the Crt measurement model showed an acceptable fit (RMSEA = 0.082, CFI = 0.955, TLI = 0.940, SRMR = 0.036; refer to Table 2). We tested two alternative models: a one-factor model that included all-Crt variable items and a two-factor model where all the ACS and JSS items formed a single factor and the TIS items formed the second factor. Each alternative model demonstrated a relatively much weaker model fit (one-factor model: χ2(44) = 331.187*, RMSEA = 0.162, CFI = 0.805, TLI = 0.756, SRMR = 0.09; two-factor model: χ2(43) = 192.738*, RMSEA = 0.118, CFI = 0.898, TLI = 0.870, SRMR = 0.07). These results showed that the data adequately supported the more parsimonious three-factor model and illustrated the distinctiveness of the three constructs in the context of the study.

Table 4 depicts the pairwise correlation matrix for all RFS PVs and Crt latent variables included in the EwC-on-Crt1&2 structural models (Figure 2). The correlations between RFS factors varied between r = 0.23 and r = 0.59, signifying well-differentiated constructs. The omega factor reliability coefficients varied between 0.63 and 0.95, meeting the minimum level of acceptability (>0.60) (McDonald, 1999). The inter-correlations between the Crt latent variables were high, ranging between r = 0.70 and r = 0.77. However, these values did not support the likelihood of adverse multicollinearity because the highest latent variable inter-correlation (ACS and JSS r = 0.77) was below 0.80 and the omega reliability coefficients were above 0.80 (Grewal, Cote, & Baumgartner, 2004).

In the analysis relating to Hypothesis 1 (The RFS latent variables [PVs] show statistically significant [p < 0.05] positive direct effects on JSS and ACS and statistically significant negative effects on TIS), the ACS, JSS and TIS latent variables (excluding the regression paths connecting them [Figure 2 and rows 1, 2 and 3 of Table 5] of EwC-on-Crt1 were allowed to covary.
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The EwC-on-Crt1&2 analysis results are shown in Tables 2 and 5. The EwC-on-Crt1&2 structural models showed an acceptable model fit: RMSEA = 0.057, CFI = 0.964, TLI = 0.951, SRMR = 0.035 (Table 2). The first three rows of Table 5 indicate parameter estimates that apply to Hypothesis 1 and the EwC-on-Crt1 model, but not the regression paths connecting TIS1, JSS1 and ACS1 (see red lines in Figure 2; and only standardised parameter estimates are reported in Table 5). The results showed that the RFS variables had a statistically significant total direct effect when we regressed all the variables on each of the Crt variables. The RFS explained 59%, 61% and 44% of the variance on ACS1, JSS1 and TIS1, respectively, providing strong support for Hypothesis 1. When regressed on ACS1, variables C (β1 = 0.47), J (β2 = 0.29, p < 0.05) and W (β6 = 0.11, p < 0.05) were statistically significantly shown as unique contributors. Variables C (β1 = 0.34, p < 0.05), J (β2 = 0.44, p < 0.05) and W (β6 = 0.23, p < 0.05) were statistically significantly shown as unique contributors when regressed on JSS. The contributions of variables T, S and CO to the regression equation were statistically non-significant in respect of both ACS1 and JSS1 and did not support Hypothesis 1. Variables C (β1 = −0.31, p < 0.05), J (β2 = −0.18, p < 0.05), CO (β5 = −0.26, p < 0.05) and W (β6 = −0.24, p < 0.05) were shown statistically significantly as unique contributors when regressed on TIS1. Variables T and S were statistically non-significant when regressed on TIS1 and did not support Hypothesis 1.

Although the study supported Hypothesis 1 in terms of variables C, J and W, not all the RFS variables (CO, T and S) related directly at a statistically significant level to each of the Crt variables in the structural model or SEM.

For the analysis relating to Hypothesis 2 (Job satisfaction has a statistically significant indirect and direct negative effect [p<.05] [i.e. partial mediation] on turnover intention via mediator affective commitment), we included in the model all the relevant paths between RFS and Crt (Figure 2) as well as the regression paths connecting TIS, JSS and ACS.

The estimated regression paths showed that the latent variable JSS (β7 = −0.27, p < 0.05) had a statistically significant negative direct effect on TIS2 as a unique contributor to the regression model (Table 5, row 5). Also, the indirect effect of JSS on TIS2ACS via ACS was statistically significant (β7 = −0.27, p < 0.05; Table 5, row 6). Therefore, the results supported Hypothesis 2. More specifically, the results suggested a partial mediating effect of ACS on the relationship between JSS and TIS2. Furthermore, the estimated regression paths showed that the mediator variable ACS (β8 = −0.56, p < 0.05) had statistically significant negative direct effects on TIS2. After having controlled for all the RFS covariates in the model, we concluded that both ACS and JSS made a unique contribution to TIS2.

As regards Hypothesis 3 (The RFS latent variables [PVs] show statistically significant [p < 0.05] indirect negative effects and statistically insignificant direct effects (i.e. full mediation) on TIS via mediators JSS and ACS), the analysis produced the results discussed below.

When we regressed all RFS variables, ACS and JSS on TIS2 (Table 5, row 5), the estimated regression paths showed that latent variables CO (β5 = −0.17, p < 0.05) and W (β6 = −0.12, p < 0.05) had statistically significant direct negative effects on TIS2 as a unique contributor to the regression model. The remaining variables, namely, C (β1 = 0.04, p > 0.05), J (β2 = 0.10, p > 0.05), T (β3 = 0.11, p > 0.05) and S (β4 = −0.08, p > 0.05), had statistically insignificant direct effects on TIS2. The low regression coefficients obtained on TIS2 were statistically insignificant compared to the statistically significant and higher regression coefficients obtained on TIS1 (compare rows 3 and 5 in Table 5). The results suggested a possible full mediating role of JSS and ACS in the relationship between C, J, CO, W and the Crt variable TIS2. The combined direct and indirect effects explained 65% of the variance on TIS2 (R2 = 0.65).

The indirect effects of C on TIS2 via ACS (β1 = −0.17, p < 0.05) and of C on TIS2 via JSS (β1 = −0.09, p < 0.05) were both statistically significant (Table 5, rows 6 and 7). Given that both indirect effects were statistically significant, we concluded that both JSS and ACS contributed significantly in fully mediating the path between C and TIS2 (β1 = −0.04, p > 0.05; Table 5, row 5).

The indirect effect of J on TIS2 via JSS (β2 = −0.12, p < 0.05) was statistically significant, but not the indirect effect of J on TIS2 via ACS (β2 = −0.05, p > 0.05; Table 5, rows 6 and 7). Given that only the former indirect effect was statistically significant, JSS most likely fully mediated the path between J and TIS2 (β2 = 0.10, p > 0.05; Table 5, row 5).

The indirect effect of W on TIS2 via JSS (β6 = 0.06, p < 0.05) was statistically significant, but not the indirect effect of W on TIS2 via ACS (β6 = 0.01, p > 0.05; Table 5, rows 6 and 7). Given that only the former indirect effect was statistically significant, only JSS contributed significantly as a partial mediator to the indirect effect of W on TIS2 (β6 = 0.06, p < 0.05).

In summary, the results on indirect effects suggested that both the mediators JSS and ACS contributed to fully mediating the direct effect of C on TIS, and that only JSS fully mediated the direct effect of J on TIS, thus, partially supporting Hypothesis 3. Variables CO, T and S appeared not to support Hypothesis 3 because there were no statistically significant indirect or direct effects on TIS via the mediators JSS and ACS. The direct effect of W on TIS was partially mediated by JSS. Career opportunities showed only a direct effect on TIS, with no evidence of JSS or ACS mediating the effect.

Discussion

Outline of the results

This study addressed the need to analyse multiple latent ER variables and attitudinal antecedents of voluntary turnover in tandem. We used extended SEM techniques to gain a more comprehensive understanding of the simultaneous effect of multiple ER factors on attitudinal antecedents of voluntary turnover. As Lee et al. (2018) emphasise, advanced statistical analyses are important in contributing to a full and deep understanding of the multifaceted nature of ER factors and in enhancing ER management in organisations.

This study indicated the RFS measurement model as being a plausible representation of theory and having the required breadth and depth to ensure sufficient construct validity and enhanced measurement precision. Contrary to conventional models of CFA, the restricted EwC model allowed for trivial but statistically significant cross loadings. According to Hsu et al. (2014), ignoring cross loadings above 0.13 in conventional CFA models can lead to substantial overestimation of pattern coefficients, bloated covariances between factors and biases in path coefficient estimates in SEM models.

Our study confirmed previous research findings (Ansari, 2011; Das & Baruah, 2013; Kashyap & Rangnekar, 2014; Mehmood, Ahmad, Irum, & Ashfaq, 2016) that compensation, job characteristics, work–life balance and CO are, as ER factors, unique predictors of attitudinal antecedents of voluntary turnover. These ER factors explained a large proportion of variance on each of the attitudinal antecedents of voluntary turnover (from 44% to 61%). Remarkably similar to the findings of the meta-analysis studies reported earlier, the path coefficients between compensation, job characteristics, work–life balance and the attitudinal antecedents of voluntary turnover were of a medium to large effect size, confirming the generalisability of our findings. The study supported the notion that ER factors might be distal determinants of turnover intention (R2 = 0.44) because their effects appeared to be mediated by job satisfaction (R2 = 0.61) and affective commitment (R2 = 0.68) as proximal attitudinal determinants of turnover intention (Duarte et al., 2015; Tett & Meyer, 1993). The combined effect of ER factors, affective commitment and job satisfaction on turnover intention was large (R2 = 0.65), affirming the importance of these variables for ER management.

Similar to other relevant studies (e.g. Luna-Arocas & Camps, 2007; Sager, Griffeth, & Hom, 1998; Samad & Yusuf, 2012), our study found that affective commitment partially mediated the relationship between job satisfaction and turnover intention. Affective commitment had the most significant direct relationship (β = −0.56) with employee turnover intention, followed by job satisfaction (β = −0.27). The size of the reported relationships can likely be attributed to affective commitment relating to the organisation as a whole (a broad concept with a long-term perspective), which in turn partially depends on satisfaction with the job itself (a narrow concept with a short-term perspective) (Farrell & Rusbult, 1981; Kooij, Jansen, Dikkers, & De Lange, 2010). We found that compensation directly related to affective commitment (Meyer & Allen, 1997) and that job satisfaction only partially mediated the relationship between compensation and turnover intention. Thus, the finding emphasises the cardinal importance of compensation in ER management – it was the only ER factor that directly impacted on all the attitudinal antecedents of voluntary turnover (Moncarz et al., 2009; Singh, 2019; Tracey, 2014).

Interestingly, job satisfaction fully mediated the direct path from job characteristics and work–life balance to turnover intention, respectively, suggesting that job satisfaction made a unique contribution to turnover intention and served as a precursor to affective commitment in this context. Moreover, the broader concept of affective commitment may only be influenced indirectly by job characteristics and work–life balance, depending on the job and the associated level of job satisfaction (Farrell & Rusbult, 1981). Hirschfeld (2000) and Lee (2019) have found a direct link between job-related intrinsic motivators (e.g. job characteristics; variety, autonomy, task significance, skill utilisation and self-growth) and the level of job satisfaction, which in turn leads directly to both affective commitment and turnover intention. Similarly, work–life balance directly impacts on intrinsic motivation by allowing for a degree of choice over when, where and how much they work, resulting in increased employee autonomy and job satisfaction, which in turn leads directly to both affective commitment and turnover intention (Mas-Machuca, Berbegal-Mirabent, & Alegre, 2016). This finding is supported by Butts et al. (2013) who show that work–life balance has a more significant direct relationship with job satisfaction than with affective commitment. This finding emphasises the importance of a job-satisfaction-conducive work environment in managing turnover intention directly over the short term and in impacting on affective commitment to the organisation indirectly over the long term. Lee et al. (2018, p. 89) call job satisfaction the ‘cardinal job attitude and prime antecedent to employee turnover’.

This study indicated that training and development, supervisor support and CO did not, as hypothesised, relate substantively to affective commitment and job satisfaction. Therefore, no mediating effects involving these variables were evident. This result is not consistent with previous findings (Gani et al., 2020; Ibidunni et al., 2016; Joāo & Coetzee, 2012; Kraimer et al., 2011; Lee, 2019; Van Dyk & Coetzee, 2012), but it can probably be ascribed to previous studies addressing only one retention factor or a subset of factors (Al-Emadi et al., 2015; De Vos & Meganck, 2009) and not controlling for the effect of multiple ER factors. A statistically significant relationship between two sets of variables may be the product of confounding variables (e.g. compensation and job characteristics), leading to incorrect conclusions about the nature of the relationship.

Our study showed that ER factors might be differently related to attitudinal antecedents of voluntary turnover. Gardner, Wright and Moynihan (2011) made a similar conclusion in their study of voluntary turnover and multiple HR practices, and their multilevel analyses across corporate business units provided valuable insights. They showed that three bundles of HRM practices (skilling, motivation and empowerment) affected voluntary turnover differently and that affective commitment did not mediate the effect of skill-enhancing practices (e.g. training and development) on voluntary turnover. In contrast, affective commitment partially mediated motivational and empowerment-enhancing practices (e.g. compensation, job characteristics and work–life balance). They found that motivational and empowerment-enhancing HRM bundles of practice elicited conventional psychological processes that explained an entire range of outcomes and that skills-related HRM bundles of practice (e.g. training and development) elicited many market processes that might lead to different and even inconsistent outcomes. For example, training and development could improve a person’s employability and marketability within and outside an organisation (Dechawatanapaisal, 2018).

Contrary to the previous findings (Gani et al., 2020; Joāo & Coetzee, 2012; Kraimer et al., 2011; Van Dyk & Coetzee, 2012), our study showed that CO had a unique and direct effect on turnover intention but that affective commitment and job satisfaction did not affect it. We argue that CO may represent a large variety of psychological processes and meanings for different individuals (e.g. relating to career stages, family needs, identity, employment opportunities, market-skill demands, spousal careers) and that employee attitudes (e.g. affective commitment) may be affected differentially (Lee, 2019; Lee et al., 2018).

Interestingly, after controlling for the effect of all the variables in the model, supervisor support did not show unique or incremental effects on any of the attitudinal antecedents of voluntary turnover. This finding contradicts previous findings (Gani et al., 2020; Ibidunni et al., 2016; Lu, Zhao, & While, 2019; Tett & Meyer, 1993; Van Dyk & Coetzee, 2012), showing that psychological processes and the meaning of supervisor support may differ for individuals, depending on the employment context and the impact of supervisor support on the motivational and empowerment ER bundles. For instance, Chaudhuri, Arora and Roy (2020, p. 11) state that ‘supervisor support was considered to be a relevant factor that helped with work–life balance’. However, further research is needed to clarify the findings on supervisor support and ER.

To conclude, we found that by studying multiple ER factors in tandem and controlling for all covariances between the ER factors in an expanded SEM model gave new insights into the uniqueness of each ER factor in predicting the attitudinal antecedents of voluntary turnover. Our findings suggest that ER factors have a differential effect on the attitudinal antecedents of voluntary turnover, which can partly be ascribed to differences in the underlying characteristics of HRM bundles of practice as described by Gardner et al. (2011). Employee retention management could be enhanced by a deep understanding of the differential effects of each ER factor on attitudinal antecedents of voluntary turnover, and gaining such an understanding requires advanced SEM skills to thoroughly test increasingly complicated path models using latent variables (Hom et al., 2017; Lee et al., 2018).

Scientific contribution and practical implications

Our research makes a substantial contribution to existing theory by bringing about a better understanding of the multifaceted interrelations between critical ER factors, job satisfaction, affective commitment and turnover intention through the use of extended SEM techniques. A unique finding we made was that affective commitment and job satisfaction were important mediators that differentially affected the relationship between ER factors and employee turnover intention. The responsibility for the differential effects of ER factors on the attitudinal antecedents of voluntary turnover can probably be attributed to motivational and empowerment-enhancing HRM bundles of practice (i.e. compensation, job characteristics, work–life balance, CO and supervisor support) and skill-related HRM bundles of practice (i.e. training and development). This study has shown that the ER factors of compensation, job characteristics, work–life balance and CO (in the given order of importance) are unique determinants of the attitudinal antecedents of voluntary turnover. Career opportunities, an empowerment-enhancing ER factor, directly affect only the turnover intention, suggesting that individual differences and market forces may affect motivational attitudes (e.g. affective commitment) differently. The fact that training and development and supervisor support were found not to be unique determinants of attitudinal antecedents of voluntary turnover could be the result of employment contexts, individual differences and market processes. To effectively manage ER, management must understand the relative embeddedness of a range of ER factors and prioritise motivational and empowerment-enhancing bundles of practice (e.g. compensation, job characteristics, work–life balance and CO) to impact on attitudinal antecedents of voluntary turnover.

The expanded SEM models tested in this study allowed for increased rigour and accuracy of method in simultaneously controlling for all the effects in the model and in determining the uniqueness and relative contribution (i.e. embeddedness) of each variable. The said models provided a new perspective on the relationship between ER factors and attitudinal antecedents of voluntary turnover. The use of the EwC measurement model was a novel approach to applying ESEM to smaller samples whilst retaining the breadth and depth of the measured constructs. Applying PVs in SEM studies with smaller samples is a new approach that counters a variety of potential estimation problems in SEM models and simplifies a complex model without loss of accuracy.

Future studies should also follow a ‘methodological–substantive synergy’ approach and focus on the complex relationship between ER factors and attitudinal proxy variables of voluntary turnover in more contexts and relate it to actual voluntary turnover.

Limitations and recommendations

A limitation of the study is the use of convenience sampling techniques, the cross-sectional nature of the data and the probability that some of the findings may be specific to the sample and the population. Testing causal relations is a common limitation when using cross-sectional data, and making deductions (with caution) must be based on an influential theory and extensive prior empirical evidence, as was performed in this study. Future ER studies could utilise longitudinal or experimental and control group study designs, which may produce more solid findings on causal or mediating effects on employee turnover. However, each of the study designs referred to has its own strengths, limitations and practical implications, which should be considered carefully before conducting a study (see Kline, 2015, for a detailed discussion).

Conclusion

To conclude, we heeded the call of De Vos and Meganck (2009), Dechawatanapaisal (2018), Lee et al. (2018) and others to demonstrate the value of studying multiple ER factors in tandem to better understand the relative embeddedness of a range of ER practices in retaining employees. In addition, we indicated that the use of extended SEM techniques readily met the need for studying ER factors using more comprehensive latent multivariate approaches and for providing new insights into the relationships between ER factors and attitudinal antecedents of voluntary turnover. The findings of this study have important practical implications for effectively managing ER through prioritising and implementing more effective HR bundles of practice.
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Note: Only free parameters for estimation are included in the model and the factor covariances. The thicker and dark arrows represent the theoretically supported target factor indicators and the
thinner and lightly grey lines represent the expected minor but statistically significant indicator cross loadings.

W, work-life balance; CO, career opportunities; S, supervisor support; T, training and development; J, job characteristics; C, compensation; EwC, restricted ESEM within CFA measurement model;
ESEM, exploratory structural equation modelling; CFA, confirmatory factor analysis.

FIGURE 1: The restricted exploratory within confirmatory (EwC) structural equation measurement model tested for the Retention Factor Scale.
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Note: The EwC-on-Crt#2 (exploratory within confirmatory on the criterion) structural equation path model depicted in Figure 2, consists of the latent variables (i.e. the plausible values for C, J, T, S,
CO and W) from the restricted EwC (i.e. ESEM within CFA) measurement model of the Retention Factor Scale and the latent variables from the criterion CFA measurement model (Crt) of the
attitudinal antecedents of voluntary turnover scales (JSS, ACS and TIS); ESEM, exploratory structural equation modelling; CFA, confirmatory factor analysis. The thick black lines inside the figure
represent the estimated regression paths of the first model tested (EwC-on-Crt!). For this model, the covariance lines between JSS, ACS and TIS are not shown. The thick black lines, together with
the red lines, represent the hypothesised paths between JSS, ACS and TIS and refer to the second model tested (EwC-on-Crt?).

W, work-life balance; CO, career opportunities; S, supervisor support; T, training and development; J, job characteristics; C, compensation; JSS, Job Satisfaction Scale; TiS, Turnover Intention Scale;
ACS, Affective Commitment Scale.

FIGURE 2: The structural equation path model (EwC-on-Crt*#2) of the relationship between the variables of the Retention Factor Scale and the attitudinal antecedents of
voluntary turnover scales.





OPS/CoverDesign.jpg
e AOSIS

SA Journal of
Human Resource Managment

http://www.sajhrm.co.za

Relationships between employee retention
factors and attitudinal antecedents of
voluntary turnover: An extended structural
equation modelling approach

Pieter Schaap and Chantal Olckers

SA Journal of Human Resource Management/SA
Tydskrif vir Menslikehulpbronbestuur, 18(0), a1358.
https//doi.org/10.4102/sajhrm.v18i0.1358






OPS/SAJHRM-18-1358-T1.jpg
TABLE 1: Summary of measurement instruments used.

Measure Items  Sample items Reliability ~ Source of reliability information
Retention Factor Scale (RFS) 37 Gani et al. (2020)
Kashyap and Rangnekar (2014)
Subscales:
Compensation (C) 13 Level of satisfaction with my current total salary package a=0.96/0.92
(base pay, benefits and incentives)
Job characteristics (J) 4 Thejob gives me considerable opportunity for independence and & = 0.60/0.71
freedom in how | do the work
Training and development opportunities (T) 6  Sufficient time is allocated for product and solution training @=0.91/0.85
Supervisor support (S) 6 My supervisor often lets me know how well he or she thinks |am & =0.79
performing the job
Career opportunities (CO) 6  There are enough career opportunities for me in this organisation = 0.72/0.79
Work-life balance (W) 4 My workschedule is often in conflict with my personal life a=0.86/0.86
(reverse scored)
Affective Commitment Scale (ACS) 4 This organisation has a great deal of personal meaning for me ~ a=0.78 Déckel et al. (2006)
Job Satisfaction Survey (1SS) 4 Ingeneral, | like my job a=086 Dckel et al. (2006)
Turnover Intention Scale (TIS) 3 lamactively looking for other jobs =090 Kashyap and Rangnekar (2014)

Note: /" splits the values for Gani et al. (2020) and Kashyap and Rangnekar (2014) study, respectively.
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TABLE 2: The model fit indices for the structural equation models tested in

the study.

Model (DF) Chi-square RMSEA CFl TLI  SRMR
ESEM (458) 847.015* 0.056 (0.050,0.062) 0.930 0.894 0.028
EWC (unrestricted) (458) 847.147* 0.056 (0.050,0.062) 0.927 0.894 0.028
EWC (restricted)  (585) 939.40% 0.047 (0.042,0.053) 0934 0924 0.051
crt (41)131.76*  0.078 (0.062,0.097) 0.955 0.940 0.036
EwC-on-Crt!#2 (89) 168.704* 0.057 (0.051,0.061) 0.964 0.951 0.035

Note:*, Statistically significant.

EwC-on-Crt!®2, the exploratory within confirmatory on the criterion structural equation
path model consists of the latent variables (i.e. the plausible values) from the restricted
EWC (i.e. ESEM within CFA) measurement model of the Retention Factor Scale and the
latent variables from the criterion CFA measurement model (Crt) of the attitudinal

antecedents of voluntary turnover scales.

ESEM, exploratory structural equation

modelling; CFA, confirmatory factor analysis. EwC (unrestricted), unrestricted ESEM within
CFA; EwC (restricted), restricted ESEM within CFA; DF, degrees of freedom; RMSEA, root
mean square error of approximation; CFI, comparative fit index; TLI, Tucker-Lewis index;
SRMR, standardised root mean square residual.
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TABLE 3: The item loadings on the Retention Factor Scale factors for the restricted exploratory structural equation modelling within the confirmatory factor analysis model
and the item loadings on factors for the attitudinal antecedents of the voluntary turnover model (criterion).

Scale ~Numberofitems  Range of item Mean item Range of item cross  Mean item cross loadings  Number of item cross Alpha reliability
loadings on factor loadings on factor  loadings on other factors on other factors loadings on other factors

RFS

g 13 061-0.94 076 0.09-0.17 013 4 095
J 4 0.47-0.67 054 0.09-0.27 019 3 066
T 6 0.44-0.87 072 0.09-0.19 0.16 5 091
s 6 068-0.83 077 0.12-0.25 0.18 7 0.88
co 4 0.36-0.89 061 0.09-0.44 0.18 10 083
w 4 0.74-0.90 0.84 0.09-0.21 0.14 4 090
crt

ACS 4 0.49-0.87 0.70 NA NA NA 0.80
Iss 4 0.89-0.95 092 NA NA NA 096
Tis 3 0.78-0.92 0.83 NA NA NA 0.88

Note:*, Statistically significant.

EwC-on-Crt!®2, the exploratory within confirmatory on the criterion structural equation path model consists of the latent variables (i.e. the plausible values) from the restricted EC (i.e. ESEM within
CFA) measurement model of the Retention Factor Scale and the latent variables from the criterion CFA measurement model (Crt) of the attitudinal antecedents of voluntary turnover scales. ESEM,
exploratory structural equation modelling; CFA, confirmatory factor analysis. EWC (unrestricted), unrestricted ESEM within CFA; EwC (restricted), restricted ESEM within CFA; DF, degrees of
freedom; RMSEA, root mean square error of approximation; CFl, comparative fit index; TLI, Tucker-Lewis index; SRMR, standardised root mean square residual.

RFS, Retention Factor Scale; EC, restricted ESEM within the confirmatory factor analysis; ESEM, exploratory structural equation modelling; C, compensation; J, job characteristics; T, training and
development; S, supervisor support; CO, career opportunities; W, work-life balance; Crt, criterion or the attitudinal antecedents of voluntary turnover model; ACS, Affective Commitment Scale;
1SS, Job Satisfaction Scale: TIS, Turnover Intention Scale.
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TABLE 4: Inter-correlation matrix of all variables included in the structural equation path model (EwC-on-Crt).

C J T S co w ACS Jss TIS
c 0.95 = = = = = = = =
J 0.39* 0.63 - = - - - - B
T 0.42* 028 0.90 = = = = = =
S 0.47* 0.46* 0.48* 0.93 - - - - -
co 0.41* 0.36* 0.59* 0.47* 0.72 = = = =
w 0.11 -0.08 -0.01 0.09 -0.06 0.90 - - -
ACS 0.68* 0.54* 0.43* 0.49* 0.45* 0.14 0.80 = =
JSS 0.61* 0.62* 0.38* 0.49* 0.42* 0.23* 0.77* 0.96 -
TS dDEES -0.40% OIS -00.45* -0.44* -0.26* -0.76* -0.70* 0.87
Item mean 3.12 3.72 3.29 3.38 2.96 2,99 4.44 4.42 2.78

Std 1.09 1.07 1.12 il 114 1.17 1.89 1.67 1.22

Note: The values on the diagonal line are McDonald's (1999) omega reliability coefficients.

*, Significant loadings (p < 0.05).

EwC-on-Crt, the exploratory within confirmatory on the criterion structural equation path model consists of the latent variables (i.e. the plausible values for C, J, T, 5, CO, W) from the EwC (i.e. ESEM
within CFA) measurement model of the Retention Factor Scale and the latent variables from the criterion CFA measurement model (Crt) of the JSS, ACS and TIS scales; ESEM, exploratory structural
equation modelling; CFA, confirmatory factor analysis; C, compensation; J, job characteristics; T, training and development; S, supervisor support; CO, career opportunities; W, work-life balance;
ACS, Affective Commitment Scale: JSS, Job Satisfaction Scale: TIS, Turnover Intention Scale: Std, standard deviation.
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TABLE 5: The regression coefficients in the structural equation path model (EwC-on-Crt*®?) Inter-correlation matrix of all variables included in the structural equation path

model (EwC-on-Crt).

crt c ) T s co w 155 ACS R Error Residual
P e P P " P = " variances

1 AcS 0.47* 0.29% 0.05 0.05 011 0.11* - - 0.59* 0.05 041

2 Isst 0.34% 0.44% -0.01 -0.05 012 0.23* E - 061* 0.05 039

3 TS -031% -0.18* 0.09 -0.12 -0.26* -0.24% - - 0.44% 0.06 056

4 ACS 030" 0.08 0.05 003 0.06 0.00 0.48* - 0.68* 0.05 032

5 TS 0.04 0.10 011 -0.08 0.7+ -0.12% 027+ -0.56* 0.65* 0.06 035

I (S 017+ -0.05 -0.03 001 -0.03 001 027+ - - - -

7 TS -0.09* -0.12+ 0.00 -0.01 -0.03 -0.06* - B B B B

*, Significant loadings (p < 0.05).

4, Estimates of RFS variables’ regression paths to ACS, SS and TIS (only the dark lines in Figure 2) without paths connecting ACS, 1SS and TIS (see red lines in Figure 2).
%, Estimates of RFS variables’ regression paths to ACS, JSS and TIS with paths connecting ACS, JSS and TIS (see red lines in Figure 2).

55, Indirect effect between RFS variables and TIS? via JSS.

%5, Indirect effect between RFS variables and TIS? via ACS.

EwC-on-Crt!®2, the exploratory within confirmatory on the criterion structural equation path model consists of the latent variables (i.e. the plausible values for C, J, T, S, CO, W) from the EwC
(i.e. ESEM within CFA) measurement model of the Retention Factor Scale and the latent variables from the criterion CFA measurement model (Crt) of the JSS, ACS and TIS scales; ESEM, exploratory
structural equation modelling; CFA, confirmatory factor analysis; C, compensation; J, job characteristics; T, training and development; S, supervisor support; CO, career opportunities; W, work-life
balance: ACS, Affective Commitment Scale: JSS, Job Satisfaction Scale: TIS, Turnover Intention Scale: Crt, criterion latent variables: RFS, Retention Factors Scale.





